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C. A. Abanto-Valle, G. Rodŕıguez, and L. M. Castro Cepero. Approxi-
mate bayesian estimation of stochastic volatility in mean models using
hidden markov models: Empirical evidence from emerging and devel-
oped markets. Computational Economics, pages 1–27, 2023.

Carlos A. Abanto-Valle and Dipak K. Dey. State space mixed mod-
els for binary responses with scale mixture of normal distributions
links. Computational Statistics & Data Analysis, 71:274–287, 2014.
doi: https://doi.org/10.1016/j.csda.2013.01.009.

Carlos A. Abanto-Valle, Dipak K. Dey, and Xun Jiang. Binary state
space mixed models with flexible link functions: a case study on deep
brain stimulation on attention reaction time. Statistics and Its Inter-

face, 8(2):187–194, 2015. doi: https://dx.doi.org/10.4310/SII.2015.v8.
n2.a6.

Yuzhi Cai, Julian Stander, and Neville Davies. A new Bayesian ap-
proach to quantile autoregressive time series model estimation and
forecasting. Journal of Time Series Analysis, 33(4):684–698, 2012.
doi: https://doi.org/10.1111/j.1467-9892.2012.00800.x.

C. W. S. Chen and S. Lee. Generalized Poisson autoregressive models
for time series of counts. Computational Statistics and Data Analysis,
99:51–67, 2016. doi: https://doi.org/10.1016/j.csda.2016.01.009.

Cathy W.S. Chen, Toshiaki Watanabe, and Edward M.H. Lin. Bayesian
estimation of realized GARCH-type models with application to fi-
nancial tail risk management. Econometrics and Statistics, 28:30–46,
2023. doi: https://doi.org/10.1016/j.ecosta.2021.03.006.

C.W.S. Chen and C.T.H. Chien. Improving Quantile Forecasts
via Realized Double Hysteretic GARCH Model in Stock Mar-
kets. Computational Economics, 2024. doi: https://doi.org/10.1007/
s10614-024-10563-y.

1



C. Q. da Silva and H. S. Migon. Hierarchical dynamic beta model. REV-
STAT, Statistical Journal, 14(1):49–73, 2016. doi: https://doi.org/10.
57805/revstat.v14i1.178.
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